PHYSICAL REVIEW D 112, 063528 (2025)

Forecasting the Ly-a forest x CMB lensing bispectrum from
ACT, SO, S4, and DESI

Adrien La Posta®"? and Emmanuel Schaan

3.4

'Department of Physics, University of Oxford, Denys Wilkinson Building, Keble Road,
Oxford OX1 3RH, United Kingdom
2Université Paris-Saclay, CNRS/IN2P3, 1JCLab, 91405 Orsay, France
SKavli Institute for Particle Astrophysics and Cosmology, 382 Via Pueblo Mall,
Stanford, California 94305-4060, USA
*SLAC National Accelerator Laboratory, 2575 Sand Hill Road Menlo Park, California 94025, USA

® (Received 4 June 2024; accepted 16 July 2025; published 16 September 2025)

We forecast the sensitivity of future correlations between cosmic microwave background (CMB) lensing
and the Lyman-a forest power spectrum. This squeezed-limit bispectrum probes the connection between
the Lyman-a transmission and the underlying large-scale matter density field. We recover the measured
signal-to-noise (SNR) ratio obtained with Planck x BOSS, and forecast a SNR of 10.3,14.8 and 20.2 for
DESI combined with ACT, SO, and CMB-S4, respectively. For DESI and SO/CMB-S4, the correlation
should be detectable at SNR > 5 in 5 redshift bins, useful for distinguishing our signal from several
contaminants. Indeed, our forecast is affected by large theoretical uncertainties in the current modeling of
the signal and its contaminants, such as continuum misestimation bias or damped-Lyman-a absorbers.
Quantifying these more accurately will be crucial to enable a reliable cosmological interpretation of this
observable in future measurements. We attempt to enumerate the features required in future Lyman-c« forest

simulations required to do so.

DOTI: 10.1103/9x9x-pqqm

I. INTRODUCTION

The bright light from distant quasars acts a backlight for
the large-scale structure. Fluctuations of the matter density
field, accompanied by fluctuations in the neutral hydrogen
density, imprint shadows on this backlight, in the form of
the Lyman-a absorption at a rest-frame wavelength of
121.6 nm. The redshifted Lyman-a absorption produces a
forest of lines in the quasar spectrum—the so-called
Lyman-a forest. Such “skewers” of the neutral hydrogen
density are one of the best probes of the matter density
fluctuations on the smallest scales. As such, they have
produced some of the tightest constraints on the masses of
neutrinos and warm dark matter [1-4]. By cross correlating
the Lyman-a absorption across lines of sight, and with
other tracers of the matter (e.g., quasars themselves), the
Lyman-a is also a powerful probe of the large-scale matter
fluctuations at high redshift, including the baryonic acous-
tic oscillations [5-10].
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Crucially, all these cosmological results rely on under-
standing the connection between matter density and
Lyman-a absorption. One generally assumes the neutral
hydrogen causing the absorption to be in photoionization
equilibrium in a uniform UV background, with no addi-
tional source of entropy in the hydrogen gas. This leads to
the fluctuating Gunn-Peterson approximation [11], rou-
tinely implemented in numerical simulations [12,13].

However, many complex physical effects are expected to
affect the matter-Lyman-a absorption relation. They
include Jeans smoothing, thermal broadening, and non-
linear peculiar velocities on small scales, the ionization
from the proximity with UV sources (including the quasars)
on large scales, and any source of entropy in the gas
equation of state [14-16]. Measuring empirically the
matter-Lyman-a connection would therefore be valuable.

To do this, we follow Refs. [17,18] and consider a
different imprint of the large-scale structure on a different
backlight: the lensing distortion on the cosmic microwave
background (CMB) [19]. The CMB lensing convergence is
a direct probe of the matter overdensity field, integrated
along the line of sight. [20] Cross-correlating it with the
Lyman-a forest is thus a direct way to measure their
connection [17,18,21,22].

Unfortunately, this direct cross-correlation is difficult in

practice. Uncertainty in the quasar continuum, i.e., the quasar
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spectrum we would see in the absence of any Lyman-a
absorption, is largely degenerate with the large-scale density
Fourier modes along the line of sight. Without these large-
scale modes, one cannot estimate the mean absorption on a
given Lyman-a forest, which would most directly correlate
with the CMB lensing convergence. While this may be
possible in the near future with new quasar continuum
techniques, we here focus on a way to reconstruct the mean
absorption along the Lyman-a forest indirectly, via its non-
linear coupling to the small-scale modes we can measure in
the Lyman-a forest [23-25]. Physically, nonlinear evolution
under gravity causes the small-scale Lyman-a power spec-
trum to respond (linearly at first order) to the mean over-
density on the same line of sight. Estimating the x-Lyman-a
correlation thus requires to face the same issues as for
correlations between line intensity mapping and any inte-
grated quantity such as CMB lensing or tSZ. Indeed, the
large-scale modes are also suppressed in LIM due to galactic
contaminants and most of the findings about the x-Lyman-a
bispectrum should apply on LIM cross correlations.

In this paper, we revisit existing models for this cross-
correlation and its contaminants, following Refs. [18,26],
highlighting the modeling challenges and the ingredients
which need to be simulated in order to accurately interpret
the signal. We perform a signal-to-noise estimation for
current and upcoming experiments and find that DESI-YS
and CMB lensing reconstructions from ACT, SO, and
CMB-S4 will lead to a significant detection of the signal in
multiple redshift bins.

II. INTENSITY MAPS WITH MISSING MODES:
ENABLING CROSS-CORRELATIONS WITH
2D FIELDS

To measure the Lyman-a absorption within a given
forest, one compares the observed, absorbed quasar spec-
trum with an estimate of the quasar continuum, i.e., the
unabsorbed spectrum. While the quasar continuum is
uncertain, it can be assumed to be smooth. As a result,
the uncertain quasar continuum is degenerate with the
large-scale line of sight modes of the one-dimensional
Lyman-a power spectrum. These Fourier modes are thus
typically discarded. However, these are specifically the
Fourier modes needed to measure the mean Lyman-a
absorption on the corresponding line of sight. Without
these modes, the Lyman-a forest can thus not be correlated
with two-dimensional tracers of the matter density such as
CMB lensing.

This feature is generic for many line intensity maps, both
in absorption (Lyman-a forest) or emission (e.g., 21 cm,
CO, CII, Ha, or Lyman-«a lines). For emission line intensity
maps, the issue if often continuum foregrounds, such as the
zodiacal light, the Milky Way or the cosmic infrared
background. These foregrounds are typically assumed to
be spectrally smooth, and thus only degenerate with the
large-scale Fourier modes along the line of sight. These

modes are thus typically discarded, making it impossible to
correlate these observables with 2D maps. This is unfortu-
nate, as such cross-correlations would be valuable in
ascertaining the cosmological nature of observed line
intensity mapping signals, and would constrain their con-
nection to the matter density field.

This issue can be circumvented by better modeling the
foregrounds, or the quasar continuum in the case of the
Lyman-a forest. Another solution is to use the Lyman-a
forest or the intensity map as a light source whose lensing
can be reconstructed [27,28]. This lensing can then be
correlated with 2D maps. Yet another solution is to
reconstruct the missing line-of-sight modes, using their
coupling to the small-scale Fourier modes which are
directly observable. This is generally done with a quadratic
estimator, and called position-dependent power spectrum
or tidal reconstruction [18,23,29].

In this paper, we follow this approach. We use the small-
scale 1D Lyman-a power spectrum as a quadratic estimator
for the large-scale density field, and correlate it with
CMB lensing (see Fig. 1). This cross-correlation is thus

FIG. 1. Because of the nonlinear evolution under gravity, the
amplitude of the Lyman-a power spectrum on small scales
responds to the large-scale matter overdensity. We look for this
signal by cross-correlating the CMB lensing convergence, probe
of the matter overdensity, with the 1D Lyman-a forest power
spectrum. This amounts to reconstructing the large-scale Fourier
modes from the small-scale modes, with a quadratic estimator in
the Lyman-a forest, akin to tidal reconstruction [29].
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effectively a bispectrum measurement. We model this
bispectrum following the position-dependent power spec-
trum formalism, as used in the derivation of the super-
sample variance [30-32].

dPy g (ky) -

Pryalkjors) = Pryo(ky) + ——==8(c) - (1)
where r | is the angular position on the studied slice. As a
result,

(Pt ke k) = o o ) )
where PZ°(k ) is given by
PR (k) = (k(k 1 )3(K 1)) (3)

In order to evaluate these expressions for our signal of
interest, we start with the CMB lensing convergence in
Sec. III. We then focus on the Lyman-a forest power
spectrum in Sec. IV and its response to a matter overdensity
in V, highlighting the important theoretical uncertainty in
the expected signal.

III. CMB LENSING FROM PLANCK, ACT, SO,
AND CMB-54

The signal of interest is a correlation of the one-
dimensional Lyman-a power spectrum with the lensing
convergence measured in the same line of sight. We
therefore seek an estimator for the lensing convergence
on a given line of sight that minimizes its mean-squared
error with respect to the true lensing convergence. The
estimator linear in the convergence map which minimizes
this mean-squared error is the Wiener filter

K%f = Wekm, (4)

where W, = C/(C5 + N¥).

In principle, one could instead explores the scale depend-
ence of the Lyman-a -Lyman-a -CMB lensing bispectrum,
as a function of the separation between the separation
between the position in the CMB lensing map and the
Lyman-a forest line of sight. However, this scale dependence
is likely trivial, given by the CMB lensing-matter correlation
function, which is better probed directly with CMB lensing
alone. As a result, we choose to compress the information
(and the signal-to-noise) from this scale-dependence into an
optimal point estimate for the CMB lensing convergence, the
Wiener-filtered convergence.

The resulting filtered map «VF(7) will therefore be a
smoothed version of the original map with a typical
smoothing scale fyr. We demonstrate in Appendix B2
that even if we have multiple Lyman-a forest lines of sight
separated by less than Oy (i.e., with a highly correlated
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FIG. 2. Planck, ACT, SO, and CMB-S4 will measure the CMB
lensing convergence power spectrum with ever lower noise power
spectrum (colored curves). The CMB lensing measurement is
signal dominated per Fourier mode at every multipole L where
the noise power spectrum is below the expected lensing power
spectrum (black curve, from a fiducial Planck 2018 TT + TE +
EE cosmology).

CMB lensing measurement) we do not lose constraining
power on the k¥ — Lya bispectrum. In the following we will
show forecasted signals and errors for different dataset
combinations. We will use the Planck 2018 lensing
measurement to compare the result of our forecast with
previous measurement on the data (using Lyman-a forests
from BOSS in [18]). We will present forecasts for combi-
nations that use the recent ACT DR6 lensing measurements
[33,34], and the upcoming Simons Observatory [35] and
CMB-54 [36] measurements. The noise power spectra used
in this analysis are shown in Fig. 2.

Figure 3 shows the Wiener filter in real space as well as
the correlation function of the Wiener filtered convergence
maps. We choose to quantify the correlation length of the
Wiener filtered x convergence map with &(@wr) = 0.5,
which means that two directions separated by more than
Owr have less than 50% correlation. We obtain Oywg = 0.53,
0.44, 0.27, 0.18 degrees for Planck, ACT DR6, SO, and
CMB-S4 respectively. This scale is relevant, as it gives us
an idea of the typical size of patches of roughly con-
stant k"F.

Table I displays the standard deviation of the conver-
gence map (i.e., the value of the correlation function for
6 = 0). Note that the experiments with small noise power
spectra have higher variance. Indeed the Wiener filter
roughly set to O the signal on noise dominated scales.
The second column shows the squared SNR, ie the ratio of
the variance coming from the signal, and the variance
coming from the noise.

We can express the lensing convergence x in Eq. (3) as
the integrated matter density perturbation, such that the
two-dimensional power spectrum becomes
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FIG. 3. We apply a Wiener filtering to the lensing convergence

maps to maximize the local signal-to-noise ratio. In real space,
the Wiener filtering is a smoothing of the map with a kernel
(dashed lines). We then compute the angular correlation of the
filtered signal (solid lines) for Planck 2018 (blue), ACT DR6
(yellow) and Simons Observatory (red).

TABLE I. Standard deviation of the Wiener-filtered conver-
gence field. As the CMB lensing sensitivity improves with
Planck, ACT, SO, and CMB-S4, fewer and fewer scales are
filtered out by the Wiener filter, thus increasing the ratio of signal
to noise (right column) and increasing the overall variance
(middle column).

Experiment U(kWF) Gsignal/ Onoise
Planck 0.0152 0.58
ACT DR6 0.0210 0.80
SO baseline 0.0302 0.99
CMB-S4 0.0422 1.41

PP(k,) = A (k) / W F o kD). (5)

Xmin

where

Pl k) = [ 2 Putanksine (152 ). (o
2z 2

The quality of the CMB lensing reconstruction appears
only as the Wiener filter in Fourier space A.(—k,) in
Eq. (5) (see Appendix A for more details.) It implies that
the higher the lensing signal-to-noise is, the higher the
bispectrum signal [Eq. (2)] between CMB lensing and the
Lyman-a power spectrum will be.

IV. LYMAN-a FOREST FROM BOSS AND DESI

The one-dimensional Lyman-a power spectrum Pi]yja does

not explicitly enter the expression for the k — Lya bispectrum

as shown in Eq. (2). However, it directly enters the covariance
of the bispectrum. This can be approximated as:

COV(BK,Lya) = COV(PIIJ]}?(:) X COV(’%WF)’ (7)
which depends on the variance of the x convergence field and
the variance of the one-dimensional Lya power spectrum.
This expression holds when the two quantities k and Py, are
approximately independent. This is verified by computing
their correlation coefficient for an individual line of sight.
This correlation coefficient is effectively the SNR per line of
sight for our effect, which is very small.

We thus average a large number line of sights to improve
the signal-to-noise on the bispectrum. Forecasting this thus
requires knowing the number of l.o.s. per redshift bin.
Figure 4 displays the total number of 1.0.s. for the 9 redshift
bins considered in this analysis. We assumed a survey area
of 1500 square degrees for the ACT + DESI — Y1 forecast
and 5000 square degrees for the SO + DESI — Y5 forecast.
The overlaping area between DESI and CMB surveys
mostly depend on the sky covered by the DESI survey, and
therefore we selected these two values to illustrate the
constraining power from early and final DESI data. The
total number density of the assumed quasars redshift
distribution is 51 l.o.s. per square degree. The number
density for BOSS is computed assuming that the total
number of forests is 87,085 as quoted in [18] to enable a fair
comparison with that measurement of the bispectrum.

Different lines of sight with small angular separation will
be multiplied by highly correlated values of "' in our
bispectrum estimator. One may worry that the total SNR
would therefore not scale as /N, but instead as the

60000 F Bl SO-+DESIL-Y5 [Nyot = 255149
[0 Planck+BOSS [Ny = 87084]
B ACT+DESLY!1 [Ny, = 76545]

50000 f
40000
=
= 30000 F

20000 f

10000

2.2 2.4 2.6 2.8 3.0 3.2 3.4 3.6
z

FIG. 4. Number of galaxies per redshift bin for DESI [Obtained
from the public GitHub repository [37]]. If we integrate the
number density, it corresponds to 51 lines of sight per square
degree. We show here the total number of galaxies per redshift bin
considering different survey areas. To get the correct number
density for our Planck + BOSS forecast we rescaled this density
to get the same total number of lines of sight than in Ref. [18].
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shallower /N wr, where N,wr is the number of patches with
independent values of N,wr. In Appendix B we demonstrate
that this is not the case and that we indeed expect the signal-
to-noise on the bispectrum to improve with /N, and not
with the number of independent x patches.

The variance of the one-dimension power spectrum is
given by

2(P il}?a +P noise/ vv%pectro)2

cov(Pi'yDG) = N
modes

)

where N oqes = Ak * Ay/(27) is the number of modes per
k bins and W peero Eexp(—kﬁa%e/Z)sinc(kH@(/Z) is the
spectrograph window function accounting for resolution
effects. Throughout the paper, we use a spectrograph
resolution oz = 0.77 Mpc/h estimated from Ref. [38]
for BOSS data, and a typical pixel size 8y = 27/k|max
with k. = 6 h/Mpc. We account for DESI’s higher
spectral resolution (50% improvement with respect to
BOSS [39]), by rescaling the spectrograph resolution
quoted above. Our baseline model for the one-dimensional
power spectrum is the NPD13 template [38]. The model
power spectra are shown in Fig. 5 for different quasar
redshifts.
The noise power spectrum is given by

C

Proise(k, 2) = s
sl 2) (SNRqs0)*AyoH (2)

©)

where SNRso is the wavelength-averaged SNR of indi-

vidual quasar spectra in unit of 1/ VA. The mean SNR used
in this forecast, averaging over all redshift bins is 3.0 A=,

Pﬁ}r,)a [Mpe/h]

R 0.2 0.4 0.6 038 1.0 1.2 1.4
Ky [h/Mpc]
FIG. 5. In order to forecast the uncertainty on the x — Lya

bispectrum, we need to estimate the uncertainty on the one-
dimensional Lyman-a power spectrum. We choose the NPD13
model [38] for the 1D power spectra, shown here for the bin
center used in this forecast.

We find it to be in agreement with SNR values quoted in the
literature for DESI [40,41]. We expect the spectrograph
noise to mostly matter at low-z and at small scales along the
line-of-sight. Indeed we have checked that rescaling the
SNR%2SO by a factor of 2 induces a 30% variation of
the forecasted bispecrum SNR for the lowest redshift bin,
and only of order 10% for the highest redshift bins. We
perform average within the redshift bins considered in the
analysis to get the noise power spectrum used to compute the
variance of the one-dimensional power spectrum in that bin.

V. RESPONSE OF THE LYMAN-a POWER
SPECTRUM TO A LOCAL OVERDENSITY

The response P}, /d5 of the one-dimensional Lyman-a
power spectrum to a local matter overdensity is needed to
evaluate the bispectrum as expressed in Eq. (2). As we show
in this section, there are large theoretical uncertainties on the
modeling of this quantity. These uncertainties propagate to
uncertainties in our forecasted SNR, and will limit our abi-
lity to interpret future measurements. Narrowing down the
theoretical uncertainty, e.g., with simulations [26], will
therefore be crucial. In this section, we outline the theoretical
ingredients needed and their uncertainties.

A. Baseline model: Separate-Universe simulations from
Chiang ef al.

Our baseline model for the Pily)a response to a large-scale
overdensity comes from Ref. [26]. It uses the separate
Universe approach [22,42] to estimate the signal, shown in
Fig. 2 of Ref. [26].

Figure 6 displays R(k,z) = dlog P'P/d5 evaluated for
forests centered on different redshifts. Reference [26]
provides simulations of this quantity at z = 2.2, 2.4, 2.6,
2.8, and 3.0 displayed as thick lines. To estimate the
response at an arbitrary redshift, we use bilinear interpo-
lation for 2.2 < z < 3.0. To compute the response outside
of this redshift range, we have extrapolated the quantity
R(k,z)/R(k, zf) where z, is a reference redshift (set to
z = 3 in the following). The extrapolation model is defined

as % = k42 b(2) where

k-zref
1+z I+z \*®
= -1 , 10
a(Z) “ (1 + Zref ) (l + Zref) ( )

and

b(z):b1<]+z —1>. (11)

1 + Zref

We fitted a; = 8.8, a, = 4.9 and b; = —4.9 at a reference
redshift z,.; = 3.0. The interpolated and extrapolated quan-
tities are shown in Fig. 6 as thin dashed lines. We choose to
interpolate the logarithmic response of the one-dimensional
Lya power spectrum dInP/dd = dP/d5/P rather than
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FIG. 6. Logarithmic response of the Lyman-a one-dimen-
sional power spectrum as measured in Ref. [26] from separate
universe simulation as described in Refs. [22,42]. The re-
sponse measured on simulations in C18 are displayed in bold
lines for z = 2.2, 2.4, 2.6, 2.8 and 3.0. For the purpose of this
forecast, we interpolate the response in the range 2.2 <z <
3.0 and extrapolate it outside using the fitting formulas
Egs. (10) and (11). The thin lines correspond to our
interpolation/extrapolation of the response for redshifts
z=12.01, 2.15, 2.29,2.44, 2.59, 2.73, 2.88, 3.03, and 3.18.
One should note that the redshifts discussed here correspond
to the center of the forest Zpy.g-

dP/db5 to be less affected by potential differences in the
absolute amplitude of the power spectrum P between the
simulations and the model that we are using in this paper
[38]. The arbitrary choices made during extrapolation do
not impact significantly the forecasted signal-to-noise
presented in this paper because the signal-to-noise in the
highest redshift bin (z > 3) is small (see Sec. VI).

The simulations on which this model is based model a
number of complex physical effects. These include Jeans
smoothing where baryonic pressure support erases fluctu-
ations on small scales, thermal broadening of the Lyman-a
absorption lines due to local thermal velocity dispersion,
redshift-space distortions on large scales (Kaiser effect) and
small scales (fingers of God), and finally the nonlinear
structure formation under gravity. Many of these effects
require an accurate modeling of baryonic physics, includ-
ing feedback from galaxy formation, which are highly
uncertain. Furthermore, simulations with complex and
realistic UV background fluctuations would be valuable
in assessing how much these additional sources of fluctua-
tions in the neutral hydrogen density could be detectable in
our cross-correlation with CMB lensing. In order to
improve the modeling of the signal, ideally one would
measure the squeezed bispectrum B, yyman—, from simula-
tions with a range of baryonic models over the scales of
interest (0.1 < kH < 1.5 h/Mpc) and redshifts of interest
(2 £7<3.6) for DESI. Short of this, separate universe

simulations with varying baryonic models would be useful
to get a better estimate of the response of the one-dimen-
sional Lyman-a power spectrum to a large-scale over-
density, over the same range of scales and redshifts.
Furthermore, several contaminating signals will have to
be disentangled from our signal, in order to accurately
interpret it. We discuss these below.

B. Contaminant 1: Continuum fitting

If the continuum fitting error was only an additive term,
it would only affect the large scales in the Lyman-« forest,
which we are already discarding. Instead, the continuum
fitting also enters in the normalization of the Lyman-a
forest on all scales, including the small scales we con-
sider here.

Indeed, as derived in Appendix A4, the continuum
variation across quasars is perfectly degenerate with the
mean flux transmission along each quasar. Moreover, this
mean flux transmission normalizes the fractional trans-
mission fluctuation 6. This causes an additional term in
the response of the power spectrum to an overdensity,
which we estimate following Ref. [26]. A misestimation of
the continuum affects the observed flux perturbation &
such that 6 = 87(1 — Ay), where 6 is the true Lyman-a
flux perturbation, and Ay is the mean flux transmission
along the given Lyman-a forest, lost due to the continuum
misestimation. This produces the following first-order
correction to the measured power spectrum

pFF(kH’rJ_) = <8F$F>
= Prr(k)[1 = 2Ar(r. Ay)].  (12)
Since the mean flux transmission Ay correlates with the

matter overdensity, and hence with the CMB lensing con-
vergence, this leads to a bias in the x — Lya bispectrum [26]

<PLya<kH )K(rL)>bias

2
= 2Py (k) dKL e pav (k). (13)
Lya\|| (zﬂ)z Apx\PL

C. Contaminant 2: Damped Lyman-a systems

High column density Lyman-a absorbers are among the
main astrophysical contaminants to the Lyman-a signal.
Light from distant quasars may be absorbed by dense neutral
hydrogen clouds on the line of sight. High column density
absorbers are defined given a neutral hydrogen HI density
threshold of Ny, > 1.6 x 10! atom.cm™. A particular class
of high density absorbers are the damped Lyman-a absorbers
(DLASs) with Ny, > 2 x 10% atom.cm™ (see Ref. [43] for a
review). These not only saturate the Lyman-a absorption at
the wavelength corresponding to their redshifts, but they also
affect nearby wavelengths due to their damping wings. If not
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accounted for, absorption from the damping wings of these
absorbers will be incorrectly attributed to the presence of
neutral hydrogen at these neighboring redshifts.

In an overdense region, we expect the number of high
column density absorbers to be larger than in underdense
line of sights. This effect will correlate to the x convergence
field which probes matter density along the line of sight,
and therefore be a nuisance for the measurement of the
k-Lyman-a bispectrum.

As discussed in Appendix A 5, adapted from Ref. [26],
the effect of the high column density absorbers on the
k-Lyman-a bispectrum may be modeled as

ABREA (ky) = bpLa PR (ko2 (14)
where PPLA is the contribution of residual DLAs [including
sub-DLAs and Lyman limit systems (LLS)] to the one-
dimensional power spectrum. We follow the prescription of
Ref. [26] and consider only LLS with 1.6 x 10'7 < Ny <
1 x 10! atoms.cm™ and sub-DLAs with 1 x 10" <
Ny, <2 x10% atoms.cm™. This assumption holds as
long as the higher density absorbers have been correctly
identified and masked. To estimate the DLA contribution to
the one-dimensional power spectrum, we use the fitting
functions from Ref. [44] and bp; o = 2.17 from Ref. [45] as
done in Ref. [26].

VI. FORECAST RESULTS

In Sec. V we have described our method to estimate the
response of the one-dimensional Lyman-a power spectrum
to a large scale matter overdensity. We have calculated
the uncertainty on Py, in Sec. IV and on the lensing
convergence variance on the line of sight in Sec. III. We are
now in a position to compute the forecasted SNR given a
lensing noise power spectrum and a survey area. In Fig. 7
we display the forecasted bispectrum along with the
associated error bars as a purple line, for SO and DESI
(see Figs. 8 and 9 for other data combinations). The
underlying cosmological signal is displayed as a solid
yellow line and the contribution of contaminants is dis-
played as dashed and dotted lines. One can note that the
contribution of the cosmological signal to the total bispec-
trum decreases with redshift. As depicted in Fig. 7, the
different contributions to the total bispectrum do not have
the same redshift dependence. Therefore, it will be neces-
sary to measure this signal in several redshift bins to be able
to disentangle the underlying cosmological signal and the
contaminants in order to provide the best constraints on the
P'P response to a large-scale matter overdensity. Focusing
on cosmological information, assuming that there are no
contaminants, we measure a SNR of 4.3, 4.6, 4.03, 3.76,
and 1.77 for the redshift bins presented in Fig. 7 in
ascending order. This forecast shows that upcoming cos-
mological data from SO and DESI will enable such a
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FIG. 7. Forecasted x — Lya bispectrum from the combination
Simons Observatory lensing measurements with DESI — Y5Lya
forests. The signal-to-noise ratio is visibly sufficient to detect the
correlation in five redshift bins. However, the contaminating signals
are comparable to the signal of interest, or even larger at the higher
redshifts. They will need to be accurately modeled and subtracted.
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TABLE II.  Signal-to-noise ratios in different redshift bins. We
display the SNR computed using a covariance matrix with a
structure following what is shown in Doux + 15. We use several
redshift bins z; (2.20 <z<235), zo (235<z<251), z3
(251 £2<2.67), z4 (267<2<2.99), z5 (299 <7<3.63)
and also show the signal-to-noise for the coadded bispectrum.
As an illustration, we also quote the combined SNR under the
assumption of uncorrelated redshift bins.

SNR
Dataset Z1 2 23 2 25 Combined
Planck + BOSS 1.9 22 20 22 15 4.4
ACT + DESI - Y1 24 28 26 28 19 5.7
ACT + DESI - Y5 45 5.1 48 51 35 10.3
SO + DESI - Y5 63 72 6.8 74 5.1 14.8

CMB -S4 +DESI-Y5 85 9.8 93 102 7.1 20.2

measurement of the x — Lya bispectrum with high signifi-
cance (SNR > 5) in several redshift bins.

Our expression Eq. (7) for the covariance of the
bispectrum does not assume any correlation between
k-bins. In order to compute the signal-to-noise ratios
presented in Table II, we have assumed a correlation
structure interpolated from Ref. [18]. We explore variation
from this assumption in Appendix B 3, defining three
different scenarios: no correlation (i.e., a diagonal covari-
ance matrix), a constant 30% correlation and a structured
correlation matrix inspired from Ref. [18] (see Table III).

VII. CONCLUSIONS

The cross-correlation signal between the Lyman-a forest
absorption and CMB lensing has been detected in Ref. [18]
and may be a powerful probe to test the connection between
the Lyman-a transmission and the matter density field. This
is crucial for applications of the Lyman-a forest which aim
at constraining neutrino masses or deviations to the ACDM
model such as warm dark matter.

Another motivation for developing estimators and under-
standing this bispectrum, is to use the Lyman-« forest as a
sandbox for the correlations of future intensity maps with
projected quantities such as CMB lensing. Indeed, the
problem of missing the large-scale Fourier modes along the
line of sight is very generic to line intensity mapping and
prevents from correlating line intensity maps with 2D
projected maps like CMB lensing or thermal Sunyaev
Zel’dovich (SZ). For the Lyman-a forest, these modes are
lost because they are degenerate with the continuum
spectrum of the quasars. In 21 cm intensity mapping,
the large-scale modes are lost because they are degenerate
with Galactic foregrounds. Thus, the method considered
here, which effectively reconstructs the large-scale modes
from quadratic combinations of the small-scale modes,
should have applications to perform cross-correlations of
CMB lensing or SZ with most of line intensity maps.

Investigating the complexity and the limitations in the case
of the Lyman-a forest is a useful first step toward enabling
line intensity mapping x CMB lensing correlations.

The goal of this study was to forecast the SNR for current
and upcoming surveys, and to highlight the various sources
of uncertainties in the theoretical modeling of this observ-
able, so as to serve as a guide for future modeling efforts.
Our forecast finds that the signal can be measured at a high
signal-to-noise ratio (SNR > 5) in five redshift bins using
DESI-Y5 Lyman-a forests and the Simons Observatory
CMB lensing. Despite the large uncertainties in the
modeling of the signal itself, our forecasted analysis
recovers the signal-to-noise ratio (SNR) obtained in the
existing Planck x BOSS measurement [18] within 15%
(4.40 forecasted vs 5.00 measured).

As mentioned above, our analysis highlights the large
current uncertainty in the modeling of the signal itself as
well as its contaminants. First, we would need a proper
modeling of the impact of the linear and nonlinear
clustering bias as well as the impact of RSD and their
response to a large-scale matter overdensity. For the
purpose of this work, we relied on simulations to quantify
these effects. To get an accurate modeling of the xk-Lyman-a
bispectrum signal measured from DESI Lyman-a forests,
one would need to have a set of separate universe
simulations (with scales spanning the range 0.1 <k <
1.5 h/Mpc) for 2.2 < z £ 3.6 or simulations from which
the bispectrum with CMB lensing can be estimated directly
(though it may require a larger simulation box). The
resolution along the line of sight should match the DESI
resolution. As discussed above, some contaminants, such
as continuum misestimation or DLAs, are comparable in
size to the signal of interest. Thus having a proper modeling
of these effects would be a useful addition to the simu-
lation. Finally, it may be interesting to have different
implementations of baryonic effects, including the feed-
back from galaxy formation, to study their impact on the
k-Lyman-a bispectrum measurement and see if this observ-
able is able to discriminate between them.
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APPENDIX A: MODELING THE SIGNAL
AND BIASES

The purpose of this appendix is to give more details
about the modeling of the bispectrum between the Lyman-«
forest and CMB lensing B, 1o = (PLyok)-
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1. Variation of the forest power spectrum

The one-dimensional Lyman-a forest power spectrum
will be modulated by large scale density fluctuations. We
model this effect with the position-dependent power
spectrum

dPLya(kII)

o(r). (A1)

PLya(kHv rl) = PLya(kH) +
where r | is the angular position on the studied slice and
6(ry) is the 2D projected large scale density fluctuation,
expressed as the average of the underlying density field

along the line of sight

- 1 [ma
o8(ry) = A_/ dy's(d' ry).

Xmin

(A2)

2. Lensing in the studied slice

The lensing convergence k, can be described as a
weighted average of the matter density ﬁeld introducing
the lensing kernel W(y) such that x(r,) = [dyW(y)x
5(y,ry). To maximize the signal to noise of the CMB
lensing signal, we apply a Wiener filter on the lensing «
maps such that & = A, % k + n. Accounting for this oper-
ation, the 2D projected CMB lensing convergence is there-
fore

K(r,) = / Y / @ 50 W, (7 )Ar, —11)  (A3)

Xmin

3. 3-pt correlation function between Py, and

Given Eq. (Al), we can derive an expression for the
bispectrum in Fourier space in the transverse direction

dPLya(kH)

(Pryaky K x (k) =250 P( ) (A4)

where P2P(k ) is given by
PP (k) = (5(k )x"(k.))

A+
— A(-ky) / W)
%
d A . !
« / % pa(q. k, )sine [ 124 ) eiat~0) | (AS)
2z 2

which can be derived from Eqs. (A2) and (A3).
Finally, the x — Lya bispectrum is given by

dPL a \) d kJ_
<PLya(kH) }’ / 2” 2 2’]3

(A6)

A

Ps(k) = A(-k,) - Id)(zw()h)

)(_

d A .
x/ﬁPlin(q,kL)sin(:(%) elile=r) (A7)

4. Continuum misestimation bias

As done in Ref. [26], the observed Ly-a flux can be
modeled as

F(y.r ) =A(r )CF(ry)(146p(x.ry))

where A is the brightness of the quasar, C is the mean
continuum, F is the true mean flux, and & is the true
fluctuation around F.

An estimator of A can be written as

n 1 [r+dx/2 F(y'.r))
A(ry) ZA/ dy' =5
X Jy—Arx/2 CWF(')

1 [xt8x/2
—awn |t [ s,
AY Jy-ny2

(A8)

(A9)

from which we can derive an estimator for 6y

r) = F(y'.ry) 1 1+ 6p(¢.ry) _1
YA ) CU)E () 1+ Ap(ry, Ay)
=6p(' r)[1 = Ap(ry, Ay)] = Ap(ry, Ay).

(A10)

br(r',

The Ly-a forest power spectrum is then
Prp(kyory) = (6p0F) = Prp(ky)[1 — 2Ax(r ., Ay)].
(A11)
Such that the biased measurement of the bispectrum is
dPry,(k))
ds

d*k
X/(Zﬂ)l _lkLrle(kl) 2P1yq(k))

(Prya(kx(ry)) =

d’k
X / —sekurpd (k). (Al2)

(2z)?

5. DLA bias

In Ref. [44], the effect of DLA contamination on the 1D
power spectrum is modeled as

PlD Pi
= ap + Z%’(Z)

P Lya i#F

(A13)
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where

Pi (147735 1
Phe \15%)  (a@)eh - 1)

+ ¢(z) (A14)

In Ref. [26], they only consider contributions from subDLA
and LLS as major contributions have already been removed
in the data. Therefore, the total Lya power spectrum is

biased
P Lya P subDLA P LLS

Punbiased = ar + AsubDLA Punbiased + aLLs Punbiased (AIS)
Lya Lya Lya

The bias introduced by DLAs in the Lya power spectrum
can be expressed as

biased
DLA __ pbiased unbiased __ Lya unbiased unbiased
APLy(z - PLya - PLya - Pinbiased PLya - PLya
ya
(A16)
Pbiased
__ punbiased Lya _
- PLY” |:Punbiased :| (A17)
Lya

, P P
__ punbiased _ subDLA LLS
=P Lya |:aF 1+ agbpra punbiased +oLs punbiased | *
Lya Lya

(A18)

This bias will affect the one-dimensional power spec-
trum as

PiD(kyr ) = P2, (k) 4 (14 bppad(ry)) APPLA (ky),

(A19)
resulting in an additional contribution to the bispectrum

ABELLy’Z(k”) = bDLAAPE}];(?(k||)61%S'

(A20)

We chose to set the value bp; o = 2.17, following Ref. [26].

APPENDIX B: ESTIMATING THE COVARIANCE

1. Estimating the variance of the cross-correlation and
reducing it by subtracting the means

Here, we explain why subtracting the mean x and P
reduces the variance on the correlation (kP). Indeed, for
any random variables x and P, the variance of the correlator
is given by

Var[kP] = ((kP)*) — (kP)?
= (K*)(P?) — (k)*(P)*> if kILP
= (kK* + 0%)(P* + 03) — K2 P?
= 0205 + K03 + Po? (B1)

additional variance from means

In the noise dominated regime, the assumption that the
lensing convergence field « is independent from the one-
dimensional power spectrum along the line of sight is a
good approximation.

2. Effect of lensing correlation between
neighboring galaxies

Our analysis correlates the measured x value at the
positions of forests with the 1D power spectrum of the same
Lyman-a forests. However, the Wiener-filtered conver-
gence k has a nonzero correlation length, such that lines
of sight roughly within a correlation length will have
correlated values of k. We can think of splitting the
Wiener-filtered convergence map into patches of indepen-
dent k. In the regime where each patch of independent x
contains many forests, we may worry that our uncertainty
on the correlation (kP) would scale as 1/ /N pyches instead

of 1/1/N galaxies» CONtrary to our assumption.

In this appendix, we explain that this is not the case, as
long as the average 1D power spectrum P has been
subtracted from the measured P; of each forest i.

Indeed, our estimator C for the correlation between x and
P can be expressed as

1 N galaxies

Z K;P;.

i=1

¢

(B2)
N galaxies

We now consider a toy model where the convergence
field is constant within patches whose sizes are given by
the correlation length of the Wiener-filtered convergence.
We define N, the number of galaxies in each patch

N tches .
a=1,..., Npyches> such that 3 "™ = Ny Our esti-
mator can thus be rewritten as

1 N, patches

> KC,(ZP[).

C =
N galaxies ,—|

(B3)

The convergence is constant with value k, within the patch
a, and independent across patches: k, L« for a # /. We
further assume that the noise on the 1D power spectrum is
independent across galaxies, P; LLP; for i # j. Finally, we
assume that the noise on P; and «, are independent for all
i and a. With these assumptions, we can compute the
variance of the correlation estimator C
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N2

R ] Npalches
Var(C) = >V |:Ka<

galaxies q=1

1 Npa&ches

:NZ

galaxies q=1

] N, patches

galaxies q=1

1

= (R* +03)op +

N galaxies

From the last equation, we can see that the variance has an
additional term, function of Npyches and Ny, only if P #0.
Thus, by subtracting the average power spectrum to the
value measured along each forest, we avoid this term
completely. This way, the variance indeed scales as
1/N galaxies- In particular, when subtracting both the average
P and &, the expression above simplifies to the intuitive
expectation

A 1 -
Var(C) = cios if k=0 and P=0. (B5)

galaxies

If, on the other hand, we do not subtract the mean
convergence and the mean power spectrum, and in the
simplifying case where each patch a contains roughly the
same number of galaxies N, = N giaxies/ Npatches: WE get

Var(¢) = —

1 _
(& + 02)o} + 2P (B6)

N galaxies N patches

where the extra term indeed scales as 1/N pyches-

In summary, by subtracting the average P and k, we
ensure that the covariance scales as 1/Ngyjaxies Tather than

Ne
S
i=1

Na
S
i=1

.
e & (&) ) (S

)

Z {[kz +6%M(Nap)2 +Na5%’] _k(NaP)z}

> {aIN2P? + [ + 02N,o3}

1 Npalche> _
> < > N%,) c2P2. (B4)

galaxies a=1

only term dependent on Ny ches and N

|

1/Npaches- In other words, even though the x values are
correlated across lines of sights, the fact that the P values
are not means that we can consider the various lines of sight
as independent.

3. High correlation of the measured data points

TABLE III. Signal-to-noise ratios of the inverse variance
weighted signal on the full redshift range. We display the
SNR in 3 different cases: without any correlation between k
bins, with a constant correlation (30%), and with a custom
correlation inspired from the correlation matrix shown in
Ref. [18].

SNR
Custom
No 30% constant correlation
Dataset correlation correlation (Doux et al.)
Planck + BOSS 7.8 4.7 4.4
ACT + DESI-Y1 10.8 5.9 5.7
ACT + DESI - Y5 19.8 10.7 10.3
SO + DESI — Y5 28.4 154 14.8
CMB -S4 +DESI-Y5 39.0 21.1 20.2
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APPENDIX C: FORECASTS FOR ACT/CMB-S4 AND DESI
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FIG. 8. Forecasted k — Ly a bispectrum from ACT DR6 lensing FIG. 9. Forecasted « — Lya bispectrum from CMB-S4 lensing
and DESI — Y1 Ly a forest. and DESI — Y5 Lya forest.
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